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There is long-standing evidence that the majority of 
people have little innate ability to detect deception. A 
seminal meta-analysis, including more than 200 manu-
scripts and nearly 25,000 participants, concluded that 
people were accurate at deception detection only 54% 
of the time (Bond & DePaulo, 2006). Moreover, it has 
been argued that confidence cannot be used to help 
discriminate between accurate and inaccurate judgments 
(see meta-analysis by DePaulo, Charlton, Cooper, Lindsay, 
& Muhlenbruck, 1997). Given that people can detect 
deception at a level barely greater than chance, perhaps 
there is little reason to expect that their confidence 
would be related to the accuracy of their judgments. Yet 
more recent research paints a somewhat more optimistic 
view of deception detection. Indeed, over the past 15 
years, researchers have uncovered several procedures 
that can help people to discriminate between lie-tellers 
and truth-tellers (e.g., Hartwig, Granhag, Strömwall, & 
Vrij, 2005; Vrij et  al., 2008). Beyond being important 

developments in their own right, to the extent that people 
can discriminate between lie-tellers and truth-tellers, 
signal detection theory predicts that confidence should 
help to distinguish between judgments that are likely to 
be accurate and those that are likely to be inaccurate.

In the current study, we demonstrated that—contrary 
to the conventional stance, which holds that confidence 
does not predict accuracy (Vrij, 2011)—decisions about 
whether someone is lying (i.e., lie decisions) made with 
high confidence are more accurate than lie decisions made 
with lower levels of confidence. The important relation-
ship between confidence and accuracy might have pre-
viously gone unnoticed because of researchers’ reliance 
on using between-subjects Pearson product–moment 
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Abstract
There is a long-standing belief that confidence is not useful at discriminating between accurate and inaccurate deception 
decisions. Historically, this position made sense because people showed little ability to discriminate lie-tellers from 
truth-tellers. But, it is now widely accepted that, under certain conditions, people can discriminate between lie-tellers 
and truth-tellers. Nevertheless, belief that confidence does not discriminate between accurate and inaccurate responses 
persists. This belief is somewhat paradoxical because, to the extent that people can discriminate between lie-tellers 
and truth-tellers, signal detection theory naturally predicts a positive relationship between confidence and accuracy. In 
line with our signal-detection-based predictions, we show that, among decisions about whether someone is lying, those 
made with high confidence are more accurate than those made with low confidence. This important relationship has 
gone unnoticed in past work because of a reliance on inappropriate measures. Past research examining the confidence–
accuracy relationship in deception research relied on correlating average confidence with proportion of correctly 
identified lies. These correlations provide information on whether more confident judges tend to be more accurate 
but remain silent on the arguably more important question of whether higher confidence decisions are more accurate 
than lower confidence decisions. We show that confidence–accuracy characteristic analyses are uniquely suited to 
measuring the confidence–accuracy relationship in deception research.
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correlations. In the current study, we used a more sophis-
ticated confidence–accuracy characteristic (CAC) approach 
(Mickes, 2015). The CAC approach is part of a family of 
calibration approaches that has revolutionized under-
standing of the confidence–accuracy relationship in eye-
witness memory research (e.g., Brewer & Wells, 2006; 
Juslin, Olsson, & Winman, 1996; Wixted & Wells, 2017); 
we believe that it has the potential to do the same for the 
deception-detection literature. After introducing the CAC 
approach, we show that signal detection theory predicts 
a strong confidence–accuracy relationship. Finally, we 
reanalyze the data from three recent experiments con-
ducted in the laboratory of author A.-M. Leach, and we 
show that high-confidence lie decisions are more accurate 
than low-confidence lie decisions.

Using Confidence to Predict Accuracy

In a typical deception-detection experiment, participants 
complete a number of trials. Some of the targets on 
these trials are lying, and others are being truthful. On 
each trial, the participant decides whether the target is 
lying or telling the truth, and many experiments also 
have the participant qualify each decision by indicating 
how confident they are that they have made a correct 
decision (for an overview, see Vrij, 2011). These confi-
dence statements are often—but not always—made in 
terms of percentage confidence (e.g., 0%, 10%, . . . , 
100%). But what does confidence actually reflect? One 
intuitively appealing possibility is that confidence is an 
indicator of the probability that the participant has made 
an accurate decision. To the extent that this is true, the 
participant is well calibrated. Perfect calibration occurs 
when 100% of decisions made with 100% confidence 
are accurate, 90% of the decisions made with 90% con-
fidence are accurate, and so on. Figure 1 provides a 
graphical display of this perfect calibration.

We suspect that few readers would disagree if we 
were to characterize the perfect calibration in Figure 1 
as a strong relationship between confidence and accu-
racy. Unfortunately, even if this strong confidence–
accuracy relationship did exist in the deception-detection 
literature, researchers would be unlikely to discover it. 
Indeed, standard practice for measuring the confidence–
accuracy relationship in deception research involves 
examining whether participants who make more accu-
rate decisions tend to be more confident overall 
(DePaulo et al., 1997). Specifically, researchers calculate 
the percentage of trials on which participants made 
correct decisions and participants’ average confidence 
across all trials. Then, they compute a Pearson product– 
moment correlation coefficient to determine whether 
participants with higher accuracy rates tend to be more 
confident in their decisions.

Correlating average confidence with the percentage 
of correct decisions provides information about whether 

better judges tend to be more confident in their deci-
sions but ignores the arguably more important question 
of whether higher confidence decisions are more accu-
rate than lower confidence decisions. In the aggregate, 
people have difficulty detecting deception. But pre-
sumably there are instances in which a given partici-
pant will find the evidence for one response option 
(e.g., “lie”) to greatly exceed the evidence for the alter-
native response option (e.g., “truth”), and in such 
instances, both the probability of making a correct 
decision and the participant’s confidence in that deci-
sion should increase (Horry & Brewer, 2016; Smith & 
Vickers, 1988; Van Zandt, 2000). Simply correlating 
average confidence with the percentage of correct 
decisions does not provide any information on whether 
high-confidence decisions are more accurate than low-
confidence decisions.

Fortunately, a family of calibration approaches can 
be used to shed light on the extent to which confidence 
might be used to discriminate between accurate and 
inaccurate decisions (e.g., Baranski & Petrusic, 1994; 
Brewer & Wells, 2006; Juslin et al., 1996; Mickes, 2015; 
Wixted & Wells, 2017). Each of these approaches 
involves plotting the percentage of accurate decisions 
against expressed level of confidence. As can be seen 
in Figure 1, for each confidence bin, researchers plot 
the percentage of accurate decisions that were made at 
that level of confidence. To the extent that confidence 
is positively associated with accuracy, the slope of the 
calibration curve will be monotonically increasing, and 
bins reflecting higher levels of confidence will be asso-
ciated with higher levels of accuracy. Traditional 
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Fig. 1. Hypothetical confidence–accuracy calibration curve demon-
strating perfect calibration between confidence and accuracy.
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calibration approaches are somewhat restrictive in that 
they require confidence to be measured on a percent-
age scale (e.g., 0%, 10%, . . . , 100%). The newly devel-
oped CAC approach is more flexible, however: It can 
be used to examine the confidence–accuracy relation-
ship no matter how confidence is scaled (Mickes, 2015). 
Calibration analyses are uniquely situated to address a 
critical question that has remained unanswered in the 
deception detection literature to date: Are deception 
decisions made with high confidence more accurate 
than deception decisions made with low confidence?

Signal Detection Theory Predicts a 
confidence–Accuracy Relationship

Before using CAC analyses to measure the confidence–
accuracy relationship from three recent deception-detection 

experiments, we now explain why, in theory, we should 
predict a strong association between confidence and accu-
racy. Our assumption here is that people have some ability 
to discriminate between lie-tellers and truth-tellers. Under 
some conditions, this assumption holds true. Under other 
conditions, it does not. When participants have no ability 
to discriminate between lie-tellers and truth-tellers (i.e.,  
d′ ≤ 0), we see little reason to predict a confidence–accuracy 
relationship. But under conditions in which participants 
can discriminate between lie-tellers and truth-tellers (i.e., 
d′ > 0), there are strong a priori reasons to believe that 
confidence should distinguish between likely accurate and 
likely inaccurate decisions (e.g., Mickes, Hwe, Wais, & 
Wixted, 2011; Wixted & Wells, 2017).

Figure 2 shows the signal-detection-based prediction 
for why high-confidence lie decisions should be more 
accurate than low-confidence lie decisions (for a 
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Fig. 2. True positives and false positives. The same signal detection model is displayed in panels (a) through (f). In each panel, the 
distribution on the left represents the signal strength (i.e., evidence of lying) emitting from truth-tellers, and the distribution on the right 
represents the signal strength emitting from lie-tellers. Because lie-tellers will tend to emit a stronger signal sensation than will truth-
tellers, the lie-teller distribution is shifted to the right of the truth-teller distribution. In the present model, the lie-teller distribution is 1.00 
standard units to the right of the truth-teller distribution (d′ = 1.00). The three dashed vertical lines in each panel represent the decision 
criteria. The leftmost criterion (i.e., the longest vertical line in each panel) is the criterion for making a lie decision. If the evidence that 
the target person is lying exceeds this criterion, the participant makes a lie decision; otherwise, the participant makes a truth decision. The 
two criteria to the right of this represent the criteria for medium- and high-confidence lie decisions, respectively. If the evidence that the 
target person is lying exceeds the low-confidence lie criterion (CT/L) but falls short of the medium-confidence lie criterion (cLM), then the 
participant makes a lie decision with low confidence. If the evidence that the target person is lying exceeds the cLM criterion but falls short 
of the high-confidence lie criterion (cLH), then the participant makes a lie decision with medium confidence. If the evidence that the target 
person is lying exceeds the cLH criterion, then the participant makes a lie decision with high confidence. Panels (a) through (f) illustrate one 
example of percentages of hits and false alarms made with high, medium, and low levels of confidence. Panel (g) is a confidence–accuracy 
characteristic curve showing the percentage of correct decisions that the model predicts for low, medium, and high levels of confidence. 
The positive confidence–accuracy slope demonstrates that signal detection theory naturally predicts a confidence–accuracy relationship.
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similar, although slightly more complex, model in the 
eyewitness identification context, see Fig. 11 in Wixted 
and Wells, 2017). Note from the outset that the graphs 
in Figures 2a through 2f are identical in all respects, 
except that we have shaded different regions of the 
figure to highlight the percentages of true-positive deci-
sions (hits) and false-positive decisions (false alarms) 
made at low, medium, and high levels of confidence, 
respectively. For simplicity, we assume that the strength 
of the lie signals (i.e., the evidence or cues that some-
one is lying) emanating from both truth-tellers and 
lie-tellers is normally distributed, with equal variances 
of 1.00. In each panel, the distribution on the left rep-
resents the strength of the lie signal emanating from 
truth-tellers, and the distribution on the right represents 
the strength of the lie signal emanating from lie-tellers. 
It makes sense that the lie-teller distribution is to the 
right of the truth-teller distribution (i.e., has a higher 
mean) because, on average, we would expect that lie-
tellers would emit a stronger lie signal than would 
truth-tellers. The standardized difference between the 
means of these two distributions is d′. In Figure 2, d′ 
is equal to 1.00 because the mean of the lie-teller dis-
tribution is 1.00 standard units higher than the mean 
of the truth-teller distribution.

Why does signal detection theory predict that high-
confidence lie decisions will be more accurate than 
low-confidence lie decisions? Consider Figures 2a and 
2b. These panels show the predicted percentages of 
hits and false alarms occurring with high confidence. 
It is relatively unlikely that someone who is telling the 
truth would emit a very strong lie signal, and so only 
a small percentage (7%) of the truth-telling distribution 
exceeds the high-confidence criterion. This is the false-
positive rate. Someone who actually is lying would be 
far more likely to emit a strong lie signal; thus, a com-
paratively larger portion of the lie-telling distribution 
exceeds the high-confidence criterion (31%). This is the 
true-positive rate. Accordingly, under the previously 
specified parameters, the model predicts that 82% 
(31%/[31% + 07%]) of high-confidence lie detections 
will be accurate. Figures 2c and 2d show the percent-
ages of correct and false detections that we would 
expect to occur with a medium level of confidence. 
Nineteen percent of the lie-telling distribution falls 
between the medium-confidence criterion and high-
confidence criterion, and 9% of the truth-telling distri-
bution falls between these two criteria. Hence, the 
model predicts a more modest 68% (19%/[19% + 09%]) 
accuracy rate at the medium-confidence level. Finally, 
Figures 2e and 2f show nearly equal percentages of the 
lie-telling (19%) and truth-telling (15%) distributions 
fall between the low-confidence and medium-confi-
dence criteria. Hence, at low confidence, the model 

predicts accuracy to be only slightly greater than chance 
at 56% (19%/[19% + 05%]).

Signal detection theory also predicts that high-
confidence truth decisions will be more accurate than 
low-confidence truth decisions. Figure 3 shows the 
signal-detection-based predictions for why high-
confidence truth decisions will be more accurate than 
low-confidence truth decisions. Note that the model 
depicted in Figure 3 is identical to the model depicted 
in Figure 2, except that we are now showing criteria for 
making truth decisions with low, medium, and high 
levels of confidence, respectively. 

As was the case with lie decisions, it is evident from 
examining Figures 3a through 3f that signal detection 
theory also predicts a strong confidence–accuracy rela-
tionship for truth decisions. For this particular model, 
signal detection theory predicts low-, medium-, and 
high-confidence truth decisions to be correct 56%, 68%, 
and 82% of the time, respectively (see Fig. 3g).

Confidence Can Discriminate Between 
Accurate and Inaccurate Lie Decisions

The signal-detection-based prediction laid out in the pre-
vious section provides strong a priori reason to expect 
that high-confidence decisions will be more accurate than 
low-confidence decisions. To test this model-generated 
prediction, we examined the confidence–accuracy rela-
tionship from three recent experiments carried out in 
A.-M. Leach’s laboratory. Note that we measured the 
confidence–accuracy relationship separately for lie deci-
sions and truth decisions. As we note above, truth judg-
ments occupy different criteria than do lie judgments. 
Moreover, there is considerable evidence that confidence 
does far better at distinguishing between likely accurate 
and likely inaccurate signal-present decisions than it does 
at distinguishing between likely accurate and likely inac-
curate signal-absent decisions (e.g., Brewer & Wells, 
2006; Tekin & Roediger, 2017). Thus, we consider it most 
appropriate to analyze the confidence–accuracy relation-
ship separately for lie judgments and truth judgments.

Figure 4 shows the three CAC curves—one for each 
experiment—for lie decisions. Because CAC curves bin 
accuracy by confidence, a large number of responses are 
required to produce stable estimates. Accordingly, in appro-
priate cases, we collapsed across conditions from the origi-
nal experiment. Moreover, in line with previous research 
implementing CAC analysis, we divided confidence into 
three categories: < 70% confidence, 70% to 89% confidence, 
and 90% to 100% confidence. Because we are binning 
confidence in this way, note that we would not necessarily 
predict a linear relationship between confidence and accu-
racy. More generally, we would simply predict that accuracy 
is monotonically increasing with confidence.
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Before interpreting the data, it is important to pro-
vide context. The deception detection task was identical 
across experiments: First, participants viewed an equal 
number of lie- and truth-tellers. After each target was 
shown, participants indicated whether the target was 
lying or telling the truth; participants then indicated 
how confident they were in their decision on a scale 
from 0% to 100%. Figure 4a consists of data from 
Woolridge and Leach’s (2019) work on misattribu-
tions—that is, inducing targets to believe that lighting 
could increase arousal or relaxation (vs. control)—in 
which 102 participants watched 20 targets being inter-
viewed about evidence of a bomb plot. The data in 
Figure 4b also are from an experiment that used this 
bomb-plot paradigm (Elliott & Leach, 2016): Here, the 

experimenters studied 132 participants’ ability to detect 
deception in 14 targets who spoke English at the basic, 
intermediate, advanced, or native level. Finally, the data 
in Figure 4c are from an experiment in which 232 par-
ticipants viewed 20 women providing testimony about 
a mock theft while wearing a hijab or niqab or remain-
ing unveiled (Study 1; Leach et al., 2016).1

We provide the overall accuracy rates (and d′ values) 
along with the accuracy rates for lies and truths in Table 
1. As noted at the outset of this article, a large meta-
analysis concluded that the overall accuracy rate of 
deception decisions was 54% (Bond & DePaulo, 2006). 
This same large-scale meta-analysis estimated that the 
separate accuracy rates for lie and truth decisions were 
47% and 61%, respectively (Bond & DePaulo, 2006). 
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Fig. 3. True negatives and false negatives. The same signal detection model is displayed through each of panels (a) through (f). In each 
panel, the distribution on the left represents the signal strength (i.e., evidence of lying) emitting from truth-tellers, and the distribution on 
the right represents the signal strength emitting from lie-tellers. Because lie-tellers will tend to emit a stronger signal sensation than will 
truth-tellers, the lie-teller distribution is shifted to the right of the truth-teller distribution. In the present model, the lie-teller distribution is 
1.00 standard units to the right of the truth-teller distribution (d′ = 1.00). The three vertical lines in panels (a) through (f) represent the deci-
sion criteria. The rightmost criterion (i.e., the longest vertical line in each panel) is the criterion for making a truth decision. If the evidence 
that the target person is telling the truth falls short of this criterion, the participant makes a truth decision; otherwise, the participant makes 
a lie decision. The two criteria to the left of this criterion represent the criteria for medium-confidence and high-confidence truth decisions, 
respectively. If the evidence that the target person is telling the truth falls between the low-confidence truth criterion (cT/L) and the medium-
confidence truth criterion (cTM), then the participant makes a truth decision with low confidence. If the evidence that the target person is 
telling the truth falls between the cTM criterion and high-confidence truth criterion (cTH), then the participant makes a truth decision with 
medium confidence. If the evidence that the target person is lying falls below the cTH criterion, then the participant makes a truth decision 
with high confidence. Panels (a) through (f) show the percentages of true-negative and false-negative decisions made with high, medium, 
and low levels of confidence, respectively. Panel (g) is a confidence–accuracy characteristic curve showing the percentage of correct deci-
sions the model predicts for low, medium, and high confidence truth decisions. The positive confidence–accuracy slope demonstrates that 
signal detection theory naturally predicts a confidence–accuracy relationship.
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The accuracy rates for the experiments we review in 
the present work were only slightly higher than these 
estimates. Indeed, the overall accuracy rate ranged from 
53% to 66%, the lie-decision accuracy rate ranged from 
50% to 62%, and the truth-decision accuracy rate ranged 
from 51% to 73%.

A brief note on how confidence was measured in 
these experiments is in order. Participants were not 
asked to indicate how confident they were that a target 
person was lying or telling the truth but rather to indi-
cate how confident they were in their deception deci-
sion. This is an important distinction. On many signal 
detection tasks, participants are not asked to indicate 
how confident they are that they have made a correct 
decision but rather to indicate how confident they are 
that the signal is present (see Macmillan & Creelman, 
2005). When a participant is asked to indicate how 
confident he or she is that the signal is present, a con-
fidence rating of less than 50% is akin to saying that 
the participant believes the signal is absent. For exam-
ple, if a participant says there is only a 20% chance that 
a target person is lying, he or she is also saying that 
there is an 80% chance that the target person is telling 
the truth. But that is not the confidence question that 
was asked in the experiments we review here, nor is it 
the question asked in most of the deception-detection 
literature. Participants in these experiments were first 
asked to indicate whether they believed the target per-
son was lying or telling the truth and then to indicate 
how confident they were in that decision. In this con-
text, a lie decision made with less than 50% confidence 
does not imply that the participant believes the target 
person is telling the truth. Indeed, if the participant 
believed that the target person was telling the truth, 
then the participant would have indicated so before 
providing his or her confidence statement. Technically 
speaking, the deception literature does not typically 
use a pure rating task in which binary classifications 
and confidence are made in a single decision with a 
Likert-type scale (e.g., 1 = certain truth, 6 = certain 
lie); rather, participants typically make a binary clas-
sification (e.g., the target is lying or telling the truth) 
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Fig. 4. Confidence–accuracy characteristic curves for lie decisions. 
The data depict the average accuracies of affirmative lie decisions made 
with low (< 70%), medium (70%−89%), and high (90%−100%) levels 
of confidence. The data from (a) Woolridge and Leach (2019) are col-
lapsed over all conditions. The data from (b) Elliott and Leach (2016) 
are again collapsed over all conditions. Finally, the data from (c) Leach 
et al. (2016, Study 1) are collapsed over the two veiled conditions 
(nijab and hiqab), and we compare the veil and no-veil conditions.

Table 1. Accuracy Rates for the Three Experiments 
Reanalyzed in the Present Work

Experiment

Decision type

Overall d′ Lies Truths

Woolridge and Leach (2019) 66% 1.03 60% 73%
Elliott and Leach (2016) 57% 0.43 50% 64%
Leach et al. (2016, Experiment 1)
 Veiled participants 59% 0.40 62% 56%
 Nonveiled participants 53% 0.11 55% 51%
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followed by a separate confidence statement (e.g., 0%, 
10%, . . . , 100%).

With this clarification in mind, we now address the 
question of whether high-confidence lie decisions are 
more accurate than low-confidence lie decisions. In the 
experiments depicted in Figures 4a and 4b, the original 
conditions—reported lighting effects and targets’ lan-
guage proficiencies—have no conceptual importance for 
the current analyses and tended to yield similar levels 
of discriminability. Thus, we examined the confidence–
accuracy relationship collapsed over all conditions. In 
Figure 4a, we can see that decisions made with low and 
moderate levels of confidence were accurate 66% and 
69% of the time, respectively. However, decisions made 
with high confidence were much more accurate: Indeed, 
they were correct an impressive 83% of the time. The 
data in Figure 4b tell a similar story. Lie decisions made 
with low and medium levels of confidence were correct 
58% and 51% of the time, respectively, with accuracy 
increasing to 78% for high-confidence decisions. Hence, 
the data in Figures 4a and 4b suggest that confidence 
might be an important tool for discriminating between 
accurate and inaccurate lie decisions.

To illustrate how the confidence–accuracy relation-
ship is dependent on discriminability, we present the 
experimental data from two conditions in Figure 4c. 
Leach et al. (2016) found that participants were better 
able to discriminate between lie-tellers and truth-tellers 
who wore a veil (either a hijab or niqab) compared 
with those who were not veiled. Moreover, when target 
persons were not veiled, participants showed chance 
levels of discrimination. Because we predict a confidence–
accuracy relationship to the extent that participants can 

discriminate between lie-tellers and truth-tellers, it 
should emerge in the veiled condition only. Indeed, that 
is precisely what we found. As shown in Figures 4a and 
4b, when targets wore veils, high-confidence lie deci-
sions (72%) were more accurate than low- or medium-
confidence lie decisions (59% and 58%, respectively). 
When target persons were not veiled, confidence was 
unrelated to accuracy. These analyses provide compel-
ling support for our signal-detection-based prediction 
that confidence in lie decisions would be related to the 
accuracy of lie decisions. The frequencies for each point 
on these CAC curves are provided in Table 2.

Next, we examined whether confidence could dis-
tinguish between likely accurate and likely inaccurate 
truth decisions. The CAC curves for truth decisions are 
depicted in Figure 5, and the frequencies associated 
with each point on those CAC curves are provided in 
Table 3. Here, confidence proved much less useful. For 
the data in Figure 5a, the relationship was as expected: 
Low-confidence decisions were correct 53% of the time, 
medium-confidence decisions were correct 67% of the 
time, and high-confidence decisions were correct 75% 
of the time. However, in Figure 5b, medium-confidence 
decisions were more accurate (68%) than either low-
confidence (47%) or high-confidence (49%) decisions. 
In Figure 5c, there was virtually no relationship between 
confidence and accuracy. Speculation as to why confi-
dence appears to have only a sporadic relationship with 
the accuracy of truth decisions is beyond the scope of 
the current article. But, it should be noted that this 
finding is consistent with results in both the eyewitness 
memory and basic recognition literatures (e.g., Brewer 
& Wells, 2006; Tekin & Roediger, 2017).

Table 2. Response Frequencies of Affirmative Lie Decisions for Each Confidence 
Bin Presented in Figure 4

Experiment and response

Confidence level

Overall< 70% 70%–89% 90%–100%

Woolridge and Leach (2019)  
 True positives 215 239 151 605
 False positives 109 121 42 272
Elliott and Leach (2016)  
 True positives 190 158 117 465
 False positives 145 144 41 330
Leach et al. (2016, Experiment 1)  
 Veiled participants  
  True positives 251 228 153 632
  False positives 187 180 62 429
 Nonveiled participants  
  True positives 110 91 45 246
  False positives 102 76 44 222

Note: The frequencies in this table were aggregated across participants.
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Correlating Proportion Correct With 
Average Confidence

We conclude our analysis by demonstrating that the 
common practice of correlating percentage correct with 
average accuracy between participants does not lead 
one to the conclusion that high-confidence lie decisions 
are more accurate than low-confidence lie decisions. 
For this analysis, we calculated the percentage of cor-
rect decisions and average confidence for each partici-
pant and then correlated these two variables. These 
correlations hovered around zero in every single exper-
iment. We also correlated confidence and accuracy 
separately for lie decisions and truth decisions. Again, 
all of the correlations hovered around zero. All correla-
tions are presented in Table 4. The failure to find a 
correlation between percentage correct and average 
confidence is despite the fact that CAC analysis clearly 
demonstrates that high-confidence lie decisions are 
more accurate than low-confidence lie decisions.

But what if we had found a correlation between per-
centage correct and average confidence; would this 
imply that all is well in the deception-detection literature 
and that CAC analysis is not needed to examine the 
confidence–accuracy relationship? We think not. The 
rationale for collecting confidence statements is that con-
fidence might be useful in discriminating between accu-
rate and inaccurate detection decisions. But, correlating 
percentage correct with average confidence does not 
inform on this issue. Rather, it merely addresses the 
question of whether more confident participants also 
tend to be more accurate. Although that might be impor-
tant in terms of personnel selection, it cannot tell us 
whether higher-confidence decisions are more accurate 
than lower-confidence decisions. That question is pre-
cisely the one that CAC analysis answers. CAC analysis 
is uniquely suited to measuring the confidence–accuracy 
relationship and has the potential to revolutionize under-
standing of the confidence–accuracy relationship in the 
deception detection literature.

A Word of Caution

We are not saying that high-confidence lie decisions 
should universally be interpreted as implying high accu-
racy. Such a statement is beyond the scope of what we 
can reasonably conclude from our analyses. We exam-
ined the confidence–accuracy relationship from three 
deception-detection experiments conducted in a labora-
tory setting. Whether this pattern of results generalizes 
beyond this context is an empirical question. What we 
can assert, however, is that correlating percentage correct 
and average confidence does not provide information 
regarding whether confidence can discriminate between 
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Fig. 5. Confidence–accuracy characteristic curves for truth decisions. 
The data depict the average accuracies of truth decisions made with 
low (< 70%), medium (70%−89%), and high (90%−100%) levels of 
confidence. The data from (a) Woolridge and Leach (2019) are col-
lapsed over all conditions. The data from (b) Elliott and Leach (2016) 
are again collapsed over all conditions. Finally, the data from (c) Leach 
et al. (2016, Study 1) are collapsed over the two veiled conditions 
(nijab and hiqab), and we compare the veil and no-veil conditions.
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accurate and inaccurate deception decisions, but CAC 
analysis does. Contrary to long-standing belief that con-
fidence does not discriminate between accurate and 
inaccurate decisions, our CAC analyses clearly show that 
high-confidence lie decisions are more accurate than 
low-confidence lie decisions.

Conclusions

The present results correct a long-standing belief in the 
deception-detection literature that confidence is unre-
lated to accuracy (e.g., DePaulo et al., 1997; Vrij, 2011). 
Consistent with the predictions of signal detection the-
ory, our primary conclusion is that confidence can dis-
criminate between accurate and inaccurate lie detections. 
Our analyses suggest that there are three boundary con-
ditions to this conclusion. First, confidence was better 
at discriminating between accurate and inaccurate 
signal-present (lie) decisions than it was at discriminat-
ing between accurate and inaccurate signal-absent 

(truth) decisions. This is consistent results from other 
literatures. Second, confidence can discriminate between 
accurate and inaccurate decisions only to the extent that 
people can discriminate between lie-tellers and truth-
tellers. Third, and perhaps most important, confidence 
can discriminate between accurate and inaccurate lie 
detections only to the extent that researchers use an 
appropriate analytical tool. Correlating average confi-
dence with the percentage of correct decisions between 
participants does not inform on whether decisions made 
with higher confidence are more accurate than decisions 
made with lower confidence. The CAC approach that 
has taken center stage in the eyewitness literature is 
uniquely situated to evaluate whether high-confidence 
deception decisions tend to be more accurate than low-
confidence deception decisions. Our data are consistent 
with findings in the eyewitness literature, the basic-
recognition literature, and many other domains of 
human judgment and decision making: Confidence can 
discriminate between accurate and inaccurate deception 
decisions.
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Table 3. Response Frequencies of Truth Decisions for Each Confidence Bin 
Presented in Figure 5

Experiment and response

Confidence level

Overall < 70% 70%−89% 90%−100%

Woolridge and Leach (2019)  
 True negatives 178 325 235 738
 False negatives 131 168 106 405
Elliott and Leach (2016)  
 True negatives 148 338 108 594
 False negatives 158 189 112 459
Leach et al. (2016, Experiment 1)  
 Veiled participants  
  True negatives 311 454 349 1,114
  False negatives 247 368 296 911
 Nonveiled participants  
  True negatives 139 202 205 546
  False negatives 146 217 160 523

Note: The frequencies in this table were aggregated across participants.

Table 4. Pearson Product–Moment Correlations Between 
Proportion of Correct Decisions and Average Confidence

Experiment

Decision type

All Lies Truths

Woolridge and Leach (2019) −.15 −.08 −.24
Elliott and Leach (2016) .04 −.11 −.07
Leach et al. (2016, Experiment 1)  
 Veiled participants .00 −.11 −.02
 Nonveiled participants .12 −.12  .15

https://orcid.org/0000-0002-4184-9364
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Note

1. A brief note on this veiling effect: Leach et al. (2016) found 
that participants were able to discriminate between lie-tellers 
and truth-tellers when targets were veiled but not when targets 
were nonveiled. This may come as a surprise to the generalist 
reader who is unfamiliar with the deception literature; however, 
this finding is consistent with a strong theoretical foundation. 
Indeed, one reason why people have difficulty discriminating 
between lie-tellers and truth-tellers in the first place is because 
they rely on unreliable facial cues (e.g., DePaulo et al., 2003). 
By veiling target persons, the researchers prevented participants 
from using these potentially erroneous cues, and the result was 
better discrimination. Moreover, Leach et  al. (Experiment 2) 
directly replicated this experiment with a European sample (the 
original sample was Canadian) and reached the same conclusion.
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